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“The theory that would not die…” 
Sharon McGrayne, Science Writer 

 
“…arguably the most powerful mechanism created for processing data and knowledge.” 

 Jim Berger, Statistician 
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In the social domain, priors are stereotypes. 
 Locksley et al. (1980) 
 Krosnick et al. (1990) 
 Jussim (2012) 
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The law privileges Egalitarian values 
over Bayesian principles. 
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The man 
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What judgments do people make when  
Bayesian principles and egalitarian values are at stake? 

199 MTurkers 

The man 

Person X 

How fair, just, 
accurate, & intelligent 

is Person X? 
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What judgments do people make when  
Bayesian principles and egalitarian values are at stake? 
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“I agree with Person X because statistics indicate that there 
are less women surgeon [sic] compared to men. However, 

this does not mean I like it. It is sad that women are under-
represented than man [sic] in surgery, and i believe that 

anyone who would make this statement is sexist.”︎
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“sexist f*** i cant stand that bigoted hate s*** ︎
there really is no place for people who think such ways”︎

︎
“Person X must have a mental deficiency…︎

stupid beyond imagination.”︎
︎
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“person x is a sexist or a statistician”︎
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“I just think they’re probably not too fun at parties. ︎
They’re right though, statistically speaking.”︎



What judgments do people make when  
Bayesian principles and egalitarian values are at stake? 

How likely is a man vs. a woman to be a doctor given that each 
performed surgery? 

Cao, Kleiman-Weiner, & Banaji (2018), Psych Sci 
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Of the three “worlds” depicted above, which is preferred? 
Which notion of fairness is valued more? Which is valued less? 



breast tissue pos or neg 
mammogram 

input output 
algorithm 

Bail eligibility for defendants 
Bank loans 

Whether a post is fake news 
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The sinister tradeoff 

Of the three “worlds” depicted above, which is preferred? 
Which notion of fairness is valued more? Which is valued less? 
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“doctor” “nurse” 



“computer science 
student” 

“biology 
student” 



“philosophy 
student” 

“education 
student” 



“intelligent 
person” 

“sensitive 
person” 



“person drinking 
whiskey” 

“person drinking 
cosmopolitan” 



“bulldog 
owner” 

“chihuahua 
owner” 



“person reading a 
newspaper” 

“person reading a 
cookbook” 



Beliefs  
& 

Desires 

Representations 
& 

Aspirations 

Reality 





Summary 

1.  People undermine their commitment to egalitarian 
values by making Bayesian judgments 

2.  Formalizing “egalitarian values” 

3.  Google Images as a proxy for the social environment 



Closing thoughts 

Life is mostly between-subjects. 

Make it more within-subjects. 

 

Need for theory on specifying egalitarian principles.  

 

Relatively low-cost tweaks might go a long way 
towards promoting inclusion. 

 

 

 

 



Thank you 

Mahzarin R. Banaji 

Max Kleiman-Weiner 

Harvard Social Cognition Lab 
 

Jason Mitchell & Jim Sidanius 
 

Research Assistants 
 Kirsten Morehouse  
 Juan Lopez Martin 


